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Interaction and head gesture detection has been done quite | ’ i
successfully. ——1
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Developing unsupervised method for head movement detection.
At current stage we are interested in detecting the movement in
general, not specific head movement categories (hod, shake, ...).

Methodology

Work 1: Data collection
We are building a multimodal corpus (MUNDEX) where an
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e The method is a good starting point for unsupervised automatic
head movement detection that can be improved upon these
points

e There are differences in the position of the boundaries of some
annotations

 The automatic method is more sensitive to small movements, as
it only looks at the change of information gain value

e Dive deeper to the task of head movement categories
detection, I.e., detecting head nods, head shakes, with an
unsupervised method

e Infegrate other modalities to discover how participants show
engagement and understanding during the interaction

e Develop a dynamical model to predict partficipants’ level of
engagement and understanding during interaction

Work 2: Data processing

+ We use fhe soffware Openface fo credte a spatial model o fhe

head and compute the features velocity, acceleration and jerk
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Work 3: Algorifhm design Symposium on Multimodal Communication (MMSYM 2016), 10-17.
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e | OW en’[ropy values mean a |Qrge variance. An interval with a - Sadri, A.,Ren, Y., & Salim, F. (2017). Information gain-based metric for recognizing transitions in
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e We designed an algorithm which dynamically searches a
combination of the sub-sequences whose sum of the entropy
can be minimized and consider those head movements
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